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Abstract
Significant gaps exist in our knowledge of real
world social network structures, which in turn limit our
understanding of how to design social software. One
important reason for this has been that researchers
have not been able to systematically probe individuals
in sufficient detail about ‘who’ and ‘how’ they interact
with in the social networks they wish to study. To
address this shortcoming we designed TellUsWho, a
web-based social network survey tool. We explored the
tool’s utility by studying the social ties of 141 students.
TellUsWho supported the collection of rich social
network data in a relatively short time period. Within
an average of 34 minutes, respondents were able to
describe their egocentric ties with people they
regularly keep in contact. On average, respondents
listed 42 alters, for each of which they answered 27
questions, resulting in 1134 responses. This compares
favorably to traditional methods, which could require
up to 15 hours per subject.

1. Introduction
Social software such as MySpace, Facebook,
Twitter, and Flickr, has captured the attention and
imagination of researchers and designers. They offer
individuals many new and exciting means of
interaction and communication that was unimaginable
only a decade ago. As a result of the popularity of
social software there is a growing desire for greater
understanding about the structure and effects of social
networks. Understanding about how social networks
form, change over time, and are structured in general
would improve our ability to design and build systems.
Unfortunately, existing data collection methods for
social network analysis do not provide adequate means
for systematically collecting large amounts of rich,
detailed data [3]. As a result, researchers currently
struggle to collect targeted data about specific
communities and associated social network structures.
Researchers conduct social network analysis in
order to explore the structure of the network, the
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relationships between entities, the flow of information,
and its changes over time [26]. In order to conduct
informative analysis, adequate data must be collected.
However, there are challenges with the current
methods, such as the inability to perform data
collection both in breadth (number of social ties) and
depth (detailed information about each tie and the
nature of the tie itself) at a reasonable scale without
overburdening
respondents.
Researchers
have
expressed interest in overcoming these and other
common data collection challenges in order to facilitate
the collection of richer and more detailed information
regarding social network ties [3][4]. Current computeraided social network survey tools attempt to address
some of these challenges with limited success by
computerizing earlier pen-and-paper based survey
approaches [10].
We developed the TellUsWho tool in order to
improve our ability to collect social network data
directly from individuals. This tool allows the
collection of in-depth information from a large number
of individuals within short timeframes by allowing
users to visually organize their social contacts [24][29].
This paper begins by briefly discussing the currently
employed methods of social network data collection, as
well as their strengths and weaknesses. This is
followed by a presentation of the TellUsWho tool, and
how it incorporates current methods as well as attempts
to build upon them. Finally, we discuss how this tool
was used to collect data about a university campus
community from a sample of 141 respondents.

2. Background
Researchers employ various data collection
techniques including structured and semi-structured
interviews, surveys, observations, and data mining to
collect social network data. Perhaps the most common
data collection method is the questionnaire composed
of questions that aim to solicit details about the
respondent’s social ties [26]. Questionnaires employ a
variety of solicitation methods and attempt to balance
between required effort of respondents to answer
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questions and quality and/or quantity of the collected
data. These solicitation methods are:
1) Roster vs. Free Recall - Roster presents a list of
contacts for the subject to select from in answering
questions, while free recall makes respondents
recall alters by memory.
2) Fixed Choice vs. Free Choice - Fixed choice makes
the subject select a specific number of alters, while
free choice does not have such a constraint.
3) Ratings vs. Complete rankings - Complete rankings
have the user rank order relationship ties over other
alters, while ratings are applied to each individual
tie.
When collecting social network data directly from
respondents, either via questionnaires or interviews,
two steps are performed: 1) ‘name generation’ and 2)
‘name interpretation’ [4]. During name generation, a
respondent recalls, or selects, the names of people
(alters) in their social network. Then, the respondent
performs name interpretation, where details are
provided on alters they named, such as demographics,
communication characteristics, and relationship ties.
Sometimes, as is the case with the study we present of
our tool, the process of name generation is combined
with name interpretation. In this case respondents
generate alters which meet certain characteristics (e.g.
listing work colleagues with whom they are in regular
social contact).
Depending upon specific research goals, social
network researchers may be interested in whole
networks (a network of an entire group or
organization), or egocentric networks (a network of an
individual’s alters). Due to the effort required of
respondents to engage in name generation and name
interpretation [17], various methods are employed to
reduce or limit the name generation and/or name
interpretation steps. This is typically done by
presenting questions that have the respondent select
only a subset of their social network, e.g. “list the five
people you talk to the most,” or limiting the attributes
generated for each alter, e.g. “select the best
description for each contact: friend, family,
acquaintance, or colleague.”
The subsections that follow will discuss examples
of name generation, name interpretation, and data
mining methods aimed at discovering information
about social networks, how they are useful for data
collection, and the shortfalls that exist with currently
employed techniques.

2.1 Name Generation
Data collection methods that concentrate on name
generation focus the participant’s attention on recalling
a number of names and the type of relationships rather

than on answering detailed questions about social ties.
Data typically consists of a list of alters and one or two
dimensions of relationship to the participant.
The diary method of data collection asks
participants to keep a record of other people with
whom they interact for a period of time [26]. Kim et al.
[18] directed participants to record each person they
came in contact with in a diary over a two-week period
in order to collect a list of daily contacts. While in
theory this results in an accurate list of contacts, it
requires diary keeping by participants and the
management of this process by researchers, and may
result in important contacts being missed if interaction
does not occur during the study period.
Another technique for name generation is the
employment of a hand-drawn network hierarchy [9]
that focuses on respondents drawing graphs of contacts
and connecting them to visualize social ties. Liao, et al.
[21] used this method while investigating patterns of
communication in work environments. Respondents
drew a graph with his or herself in the center and then
wrote names of groups and people whom they
contacted in their organization. These names were then
connected by similarity (e.g. same department) and
degrees of closeness for each were indicated via a 5point scale measure. This method works well for
describing networks in small organizations, however,
this approach is impractical for drawing a sizeable
amount of alters in large organizations or describing a
full egocentric network because the resulting graph
becomes too large and cumbersome and its creation
places a heavy time and recall burden upon the
participant.

2.2 Name Interpretation
Researchers use name interpretation to obtain
details from respondents such as relationship types,
context, communication methods, frequency of
contact, etc., in order to understand social ties, their
strengths, and their social contexts. Usually, a small
number of alters are generated or a small sample are
selected from the name generation step for
investigation.
McCarty et al. [22] conducted a phone interview of
1525 individuals with the goal of generating a
representative sample of personal networks. They
created a fixed list of 50 first names; excluding genderneutral (e.g. Pat), and ethnically inclined (e.g. Letisha)
names. The interviewer asked respondents to indicate
if they knew someone who matched each name as they
were read from the list and stopping when 14 names
were known or the end of the list was reached.
Respondents then answered five name interpretation
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questions about each of the 14 alters. Each survey
lasted approximately fifteen minutes.
Wellman and Wortley [28] interviewed a sample of
twenty-nine Toronto residents in order to understand
social support within a community. Each subject was
interviewed for 10 to 15 hours and answered questions
about their relationships with active members of their
social network. Close ties were discussed, but less
intimate alters were not examined. This study gathered
a large amount of data, however, the number of
respondents was small and the interviews were timeconsuming.
Carrasco et al. [3] used an interview method where
respondents were instructed to record contacts on postit notes and position them within various concentric
circles based on degree of closeness [12]. A sample of
15 contacts was selected for name interpretation,
demographics were collected and four-to-six questions
about communication and interaction patterns are
queried. Finally, 6 of the 15 contacts were selected and
the participants were asked about the last social
encounter with each, what they did, when, where, who
else was involved, etc. Although a large amount of
social network information was collected using this
approach, the interview was time-consuming,
averaging 2.5 hours per participant. Also, the number
of respondents was limited due to the length of each
interview. It is noted that each part of the survey
required using a smaller subset of alters to reduce
complexity, thus a larger scale study would be
increasingly complex.

2.3 Mining data
Various data can be mined for social network
analysis. This includes: the interpersonal connections
listed by users of social network sites (SNS),
organizational
communication,
online
mass
interaction/communication [31][25], and personal
communication histories. Analysis of such data can
create rich visualizations. Here we review research
using such data and outline how minable data sets do
not typically contain information about key aspects of
the social network under study. For example,
information about relevant social ties is often missing
because communication occurs via channels outside of
the database such as face-to-face communication.
2.3.1 Social network sites. SNS are increasingly being
used for social interaction over long periods of time
[20]. The common ways in which SNS are used
includes connecting with old friends and acquaintances
and making new contacts [19]. When a user sets up
their SNS friends list, they are engaged in name
generation and mining. This, combined with the

communication data, can provide insight into their
social networks. However, SNS are not designed for
the scientific probing of individuals about their social
ties and as a result, do not always collect the type of
user data desired. Heer, et al. [11] devised Prefuse and
Vizster, social network visualization tools, which
utilized Friendster data to create social network
visualizations. The tool mines a user’s network and
creates a spring graph representation of connections.
The visualization includes filters by demographic
information (e.g., gender, interests, age). Although this
tool creates scalable social network visualizations,
relationship data beyond ties is not included. Further, it
is not possible to probe users with more information
such as relationship characteristics or degrees of
closeness.
Gilbert et al. [14] mined MySpace, collecting data
to examine the difference in usage between users from
rural and urban areas. Data included relationships and
demographics plus characteristics given by numbers of
“wall posts” and private messages between users. The
data mined from 4000 users supported their hypotheses
on usage differences between rural and urban areas
based on number of friends and distance from a user.
Information such as ego-alter relationship ties (e.g.,
immediate family, relatives, friends, colleagues) could
not be determined with the given data since this
information is not a feature of MySpace. This
relationship information could have been obtained if
the researchers surveyed users after mining data.
Mislove et al. [23] mined four SNS to examine
patterns within several networks rather than focusing
on one single site. They found that online social
networks were structurally different than other social
networks and suggested that this work could benefit
SNS application designers. This study outlined two
important problems with mining SNS. First, the
researchers could not obtain user data from the site
owners; instead they were forced to “crawl” each SNS,
a technique where the system follows links to every
node (each node is a contact), beginning at a particular
node. The system continues to record each tie from one
contact to another. Second, data mining methods for
social network sites themselves present challenges for
researchers. Crawling an entire network is often
unfeasible due to the number of connections. In this
case the authors used a partial crawl, where they
recorded a small number of degrees separated from the
ego, then stopped. A partial crawl can be biased due to
overestimation of degrees between nodes and
underestimation of network symmetry [1].
While usage statistics of SNS may be useful to
researchers, there are some challenges using such data
for social network analysis. SNS Terms of Service
(TOS) impact how researchers can use and gather data.
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For example, a Facebook TOS change denied
researchers from saving information such as users’
profile and their related contacts [8]. This change
rendered the SNS useless for data mining purposes.
Mining SNS social tie data may help to reveal
important and missing contacts that an interviewed
participant may not mention or recall. However, the
networks represented are influenced by the design and
use of each SNS and may not be an accurate
representation of a social network for various reasons
such as: 1) Not all SNS users with offline connections
are tied within an SNS [1]; 2) There are contacts that
may not be part of SNS; and 3) Many have SNS
contacts that would not be considered relevant contacts
to social network analysts.
2.3.2 Organizational communication. Mining
organizational communication such as email can result
in data about egocentric networks [30], and can
generate data corpuses, which can be utilized for SNA.
Such was the case with the Enron email corpus. As part
of their investigation into the collapse of Enron in 2002
the Federal Energy Regulatory Commission (FERC)

released a corpus of email from 158 employees. This
collection provides researchers a rare glimpse into the
social network of a large business organization.
Diesner et al. [6] analyzed the email data to examine
the effects of a major organizational crisis on its
communication network. In order to conduct the
analysis they performed substantial data enhancement
by including 525 missing employees, linking
individuals to multiple email addresses, and
incorporating career history information. Additional
study of the Enron email corpus demonstrate that
content of emails, vocabulary, names, and other
information can also be used to distinguish social ties
and details [15] within social groups and organizations.
However, the challenge of mining a single form of
electronic communication, such as email, is that within
an organization there may be preference for many
communication
styles
including
synchronous
communication with co-located employees [32]. In the
same vein, an individual’s social network mined
through email may not be rich without mining the
communication between groups of individuals. Further,
such corpuses are currently not linked to tools that

Figure 1. TellUsWho user interface
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allow for individuals to be systematically probed about
their historical and ongoing social ties.
Another
use
of
mining
organizational
communication is the employment of organizational
charts (a chart of the structure of an organization with
relationships) that map members to each other in a
visualization. Sociologists who study social networks
within organizations [30] sometimes use an
organizational chart to display connections for
participant recall purposes. By using this chart as a
roster, they can probe respondents about individuals
and groups, such as “How much time did working with
employee X save you?” Using this method, researchers
can discover workflows and the usefulness of
connections in order to increase business efficiency
[5]. While the social tie visualization may be revealed
through a system, as seen from mining SNS, this data
may not be available for individuals outside of an
organization.
2.3.3. Online mass interaction. Usenet, a worldwidedistributed Internet discussion system, has been studied
by social network analysts because of its international
diversity of users and their massive numbers of
crosspostings (taking a posted message from one topic
and authoring it to another topic) between groups.
Hierarchies categorize topics into groups, with eight at
the core (e.g. alt, comp, misc, news, rec, sci, soc, and
talk). Smith [25] mapped a sample of messages and
found that crossposting groups formed “meta-clusters”
because nearly every message within the sample was
crossposted to another group. This discovery highlights

the fact that group social network data can be mined
from online mass communication, though from this
data there may not be clear individual social networks
due to the anonymity of some posts and the ability for
anyone to browse posts without correspondence.
2.3.4 Personal communication history. Another
approach to mining interpersonal communications is to
find ties in order to visually organize contacts. While
ContactMap [29][30] was not developed for social
network research, mining contacts for users to place
them on a desktop for easy organization is appealing
for gaining insight into how an individual would
visualize their own social network. Developing this
approach into a social network survey tool could prove
useful in allowing users to self-report connections and
groups of contacts.

2.4 Motivation
Each of the previously mentioned social network
data collection methods is unable to gather data
consisting of both many alters and rich social tie
details. Our goal was to create a computer-aided survey
tool that allows for the rich collection of greater
quantity and quality social tie data to that of current
survey methods while reducing the time requirements
for both the researcher and the respondents. This work
was also motivated by a need to map the egocentric
network structure of our students.

Figure 2. Top: common survey method Bottom: Tool survey method.
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3. Guided social network survey
Most computer assisted social network survey tools
have attempted to replicate previous pen and paper
methods, and as a result, have only achieved modest
gains in the amount and quality of data collected
[10][13]. The survey tool presented in this paper
advances the use of computer-aided surveys through a
unique visual method. The authors implemented a user
interface similar to ContactMap [29], where the
respondent may visually group alters on the screen.
The TellUsWho survey tool provides support for
many of the main question formats, roster, free recall,
free and fixed choice, rankings and ratings, combining
them into a computer supported and user-guiding
interface. The reduction in respondent time and effort
comes from the ability for a user to answer questions
using drag-and-drop; rather than having to answer a
question multiple times for several alters. A user is also
able to apply an answer to multiple alters at once by
using the in-depth response area.

3.1 User interface
The user interface of the tool consists of four main
components (see Figure 1): 1) a computer generated
list of the user’s contacts mined from other
applications such as email - shown on the left; 2) a
question-space where questions are presented - shown
above the network visualization space; 3) a desktop
area where users engage in the guided visualization of
their social network and in so doing answer numerous
key questions; and 4) beneath the desktop area is an indepth response area to answer detailed name
interpretation questions.

the previous and back buttons on the left and right
respectively.
3.1.3 Desktop. Each contact placed on the desktop
appears in a box with their name, like an avatar, and
becomes an alter in their social network. These avatars
can be dragged around the desktop and placed
wherever the respondent wants. A respondent can add
a contact to the desktop by drag-and-dropping the
individual from the contact list to the desktop or they
may click “new contact” and type in a name and/or
email for a contact. Group avatars can also be created
to organize alters visually through color.
Users have two ways of organizing alters on the
desktop. Implicitly, they can physically group alters by
piling avatars close together. Explicitly, users can
create Group avatars. When the user clicks “New
Group”, the user types in a group name, and an avatar
with the name appears on the desktop with a particular
background color. When a user adds an alter to that
group, the background of that alter will become the
group color (signifying the primary group). When the
user adds an alter to multiple groups, the color of the
additional groups will appear in small boxes under the
alter to display multiple group associations. By using
groups, the subject reports information on the
relationship of others and their impact on the
participant.
3.1.4 In-depth response area. The in-depth response
area, which appears below the desktop, is used to
answer detailed questions of different types (e.g., a
single box, yes/no designators, or scales) that are
unanswerable by merely adding contacts to the
desktop. Respondents answer each question by placing
the alters on the desktop into the response area. Alters
placed in the boxes appear as a list under their response
and can be dragged between responses to change an
answer. Respondents may place several alters into the
response area at the same time in order to rate
individuals and rank order between alters. For
example, in Figure 2, nine alters are used to answer a
single question, rather than repeating the same question
nine times for each individual.

3.1.1 Contact list. The contact list presents to the
user their contacts that may be mined from various
sources. Its purpose is to facilitate the recall of contacts
and their addition to the desktop. For the field trial
presented in this paper every contact from the user’s
university and Gmail email accounts were listed. The
list allows ascending or descending alphabetical
ordering by name or email address; and to facilitate a
large number of contacts it is paginated and a search
box is provided.

3.2. Data collection

3.1.2 Question space. The question space specifies
what the user should do: name generation questions
specify that the user drag contacts onto the desktop,
name interpretation questions specify the user to place
alters into the in-depth response area. Other prompts
may be to group certain alters, to organize the desktop,
or to perform other tasks. Users navigate the survey via

The TellUsWho survey tool collects different types
of information in order to gather a rich description of
social ties. Each phase comprises of several data
collection techniques.
During name generation, the subject’s placement of
alters on the desktop enables the researchers to use
cluster analysis to determine interrelationship
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Figure 3. Context menu

groupings. Also, respondents are answering
relationship questions to add alters to the desktop, so
we explicitly collect general information on
relationship ties. Respondents may also create
“groups” to place alters in, adding an additional
element of relationship detail.
During name interpretation, data collected on each
question includes both ratings and complete rankings.
Respondents drag any or all alters on the desktop into
the response area. Each name they add is rated itself,
but the subject also sees the other names they added so
they may rank their relationships.

4. TellUsWho user trial
A user-trial of the tool was conducted by surveying
141 students (undergraduate and graduate) at a North
Eastern US university. The aim of the trial was to see
how well the tool performed in detailed social network
data collection from students within a short time period
of taking the survey. The survey was carried out in
computer labs with groups averaging 25 respondents.
Before entering the lab, respondents supplied their
credentials to their university and Gmail email. The
system pulled every name and email from headers
found in their inbox to populate the contact list.
Respondents signed up for an hour and a half time
block to complete the survey and were allowed to leave

upon completion of the survey. Before starting the
survey respondents viewed a 15-minute introduction
and video explaining what they would be doing for the
survey.
While respondents can complete this survey
independently online, the authors used a supervised lab
condition to address bugs and test the usability of the
tool.

4.1. Name generation
Once a respondent began the survey their first task
was to manually build their social network through
name generation. To do this, the system prompted 21
specific questions (Figure 4) and the respondent added
contacts via the roster technique (drag-and-drop from
the contact list), or free recall (manually entering an
alter’s name through the “new contact” dialog). Using
these questions and the contact list, respondents not
only visualized their social network, but also related
each alter to themselves, rather than the system
automatically mining ties. The desktop was split into
three tabbed desktops, School (people the participant
related to University), Friends (people the participant
related to friends and family outside of University),
and Work (people the participant related to their
employment, if applicable). These tabs kept each
desktop separate such that the respondent could place
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many contacts without cluttering space, and helped the
respondent focus their recall efforts, plus it inherently
supplied social context data.
Figure 4. Questions asked during desktop placement
Questions about School
1.
2.

Place your roommates
The person who introduces you to other people / the most
popular friend you have

3.
4.

Place the people you socialize/hang out with on campus
Place the people with whom you are in sports, clubs, or
organizations
Place the people with whom you eat meals (breakfast,
lunch, dinner, or snack)
Place the classmates / studio-mates and people who you
work with on projects
Place the school friends you talk to/socialize with online
(such as talk to on instant messenger or in chat rooms,
play online games with, etc.)
Place people who are acquaintances – people who you
may greet upon passing, but do not normally converse or
socialize with
Place your current professors, advisors, and other NJIT
faculty/staff you communicate with

5.
6.
7.
8.

9.

10. Place professors with whom you still keep in contact

the same manner, prompted the respondent to email
people in school they would ask for help in their
toughest class. By asking respondents to reenact these
scenarios, we remind them of important alters they
may have missed while placing people on the desktop.
The data collected from these situations also indicate
the relevance of certain alters for social affairs.

4.3. Name interpretation
After a respondent had answered all the questions
to build their social network, they were prompted to
answer 6 questions about each alter they placed on the
desktop (Figure 5) by dragging them into the survey
block. The respondent could drag multiple alters onto
the survey block per question, which lead to both
ratings and complete rankings techniques. The
respondent can easily 1) singularly relate the alter to
the question and 2) relate the alter to all other alters
used to answer the question. Drag-and-drop allows the
respondent to answer each question for many alters at
once. This timesaving method allows for detail
questions to be asked without user fatigue.

Questions about Friends & Family
11. Place your roommates
12. Place the people you socialize/hang out with
13. Place the people with whom you are in sports, clubs, or
organizations
14. Place the people with whom you go out to lunch or dinner
with
15. Place the people you talk to/socialize with online (such as
talk to on instant messenger or chat rooms, play online
games with, etc.)
16. The most popular friend you have
17. Family members you see or talk to on a daily/weekly
basis
Work
18. Place the people with whom you socialize or hang out
with outside of work
19. Place the people with whom you socialize with while at
work
20. Place your coworkers
21. Place your boss or supervisor

4.2. Email task
Once the respondent completed building their
social network, they were given the task to produce
two different emails from the contacts they added to
their desktop. The first email assignment asked the
respondent to invite friends to an imaginary party he or
she was holding, through email. The respondent
selected the alters, then clicked “send email to” and
produced a fake email with subject and body (Figure
3). Respondents understood that the email was not
actually being sent. The second email, reproduced in

Figure 5. Questions forcused on name interpretation
1.
2.
3.
4.
5.
6.

The frequency with which I keep in touch with this person on
a daily basis
I discuss important school/work matters with this person
I discuss important personal matters with this person
This person is there for me if I need help with work/school
This person is there for me if I need help with personal
matters
The primary method of communication I have with this
person is: Face-to-Face; Phone conversation; Text Message
(SMS); Instant messenger (AIM, GTalk, Yahoo, IRC); or Email

5. Observations and Discussion
The tool performed well in generating social
network data, with a very minimal number of bugs and
a small number of frequently asked questions by
respondents when running the user trial. The video
tutorial made it possible to outline the survey
instructions in easy to follow steps.
For the 141 respondents in the study, an average of
42 alters was generated per respondent. The number of
alters generated ranged from 5 to 150 per respondent
and a total of 6213 alters were produced using this tool.
Respondents took an average of 34 minutes to
complete the survey, the minimum time being 7
minutes and the maximum time being 141 minutes
with a standard deviation of 17 minutes. In this time
respondents answered an average of 1134 probes about
their social network stemming from 21 namegeneration questions and 6 name-interpretation
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questions. Respondents were able to complete the
survey without running into severe technical
difficulties or misunderstandings.
While this tool was found to be effective, there are
limitations to the user trial. This study was run as a
single-use case and could potentially benefit from
being placed inside of a social network software
application. This would add the advantage of collecting
usage statistics while also gathering data through
survey questions over time. Also, this work focuses
only on the design of a tool to facilitate social network
data collection and does not examine the reliability of
the collected data. Follow-up studies should compare
the amount of information collected using this tool to
the other more traditional methods mentioned above.
The tool itself may also be refined to enhance the
user experience. This tool currently supports
respondents’ university email and Gmail; however, it
can be programmed to handle almost any email
account in order to capture more contacts. Collecting
IM buddy list information and mobile phone contacts
would also be worthwhile. Running more user studies
with these additions to the roster technique could test
the advantage of having multiple sources available for
contact recall. Further as a next step one could consider
showing respondents an automatic visualization of his
or her social network ties while they use the survey
tool. By providing the visualization, respondents can
see how they are connected to others while interpreting
their social ties.
Finally, we ran the study in a laboratory where we
could observe users and provide support in case of
difficulty. While a small number of frequently asked
questions were raised it was clear that monitoring in
the lab was unnecessary. By addressing the frequently
asked questions, a revised version that will streamline
the instructions and allow for the survey to be taken
independently online can be implemented as the tool
runs in a web browser. An obvious next step is to allow
respondents to use the survey tool in the comfort of
their home computer rather than in a computer
laboratory allowing for much larger user participation.

6. Conclusion
As social computing applications become more
integrated within daily life, the importance of
understanding social networks they support increases
and so too will the ability to collect and leverage richer
social network data. The TellUsWho tool is a means to
collect large-scale and in-depth social network data,
which is necessary to understand the growing
complexity of social networks. In this paper we
reviewed various social network data collection
methods and highlighted the tension that exists
between collecting detailed in-depth data about few

alters and collecting restricted data of many alters
through these methods. Mining social data produces
large quantities of social tie information; however,
useful qualitative data and missing ties can only be
obtained by probing individuals on their connections.
Surveying individuals can be costly for researchers and
respondents due to the time required to gather both
social network ties and detailed information on each
social tie.
We sought to reduce this tension by creating a tool
that allows for collecting in-depth details about a large
number of alters in a short period of time. The
TellUsWho social network survey tool incorporates a
mined contact list facilitating easy name generation, an
interface that allows respondents to quickly visualize
their contacts and group them, and then answer indepth questions about them. By combining data mining
and social network visualization techniques into a
survey tool we were able to produce a “best of both
worlds” approach. The creation of this tool is a first
step in collecting richer social network information,
and we are moving forward to learn more by using this
tool in conjunction with other collection methods.
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